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Research on Parameters of Accelerometer Based on Relevance Vector Machine
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Abstract ; Temperature and vibration and other environment factors have important effects on the inner parameters of quartz
flexure accelerometer. The accelerometer parameters drift is occurred with time. The accelerometer parameters are difficult
to be described exactly. Relevance vector machine which has better performance in sparsity, can be applied to modeling of
uncertain systems. An accelerometer parameters prediction method based on the grey least squares support vector machine is
proposed. The 2. 5 years natural environmental scale value of accelerometer parameters is modeled. The experimental results
show that relevance vector machine has well performance.
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based on least squares method
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