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Abstract; In this paper, an adaptive robust filtering algorithm based on variational Bayesian method
is proposed to solve the problem of the simultaneous observation of outliers and time-varying
noises in the attitude estimation of integrated navigation. The algorithm can effectively solve the
contradiction between the adaptive and robust filtering strategy, using variational Bayesian approx-
imation to estimate the observation noise transformation, and deal with continuous outliers by u-
sing Huber filter robust method in the variational Bayesian filtering framework. In the integrated
navigation attitude estimation experiment, it is proved that the algorithm has good adaptability and
robustness, and maintains high estimation accuracy.
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