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Abstract: This paper firstly expounds the core idea, basic framework of the ORB-SLLAM system and the
application of bundle adjustment (BA) method in ORB-SLAM. Then, the different processes of keyframe
pose optimization for the visual odometry part are elaborated separately, and the experimental results of
different sequences of the KITTI dataset are analyzed and compared, the working mode and performance
analysis of the core beam adjustment method in ORB-SLAM are presented. Finally, the advantages and
disadvantages of ORB-SLLAM are discussed and analyzed.
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