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Modeling and Compensation Algorithm of FOG Temperature Drift with Neural Network
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Abstract: FOG temperature drift is one of the major error sources that affect the FOG output precision,which is must be
compensated in pratical application.Traditional least square method show low accuracy and poor aplicablity in the appli-
cation of FOG temperature drift compensation.Modeling and compensation with BP or RBF neural network can improve
the compensation accuracy effectively. Verifying and comparison the least square method with neural network compensa-

tion model, results show that this non-linear model based on neural network can improve the FOG temperature drift error

compensation accuracy effectively.
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Fig.1 Basic structure of the BP neural network
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Fig.2 Algorithm flow chart of BP neural network
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